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A Dynamic Support Vector Data Description Algorithm Applied
to Face Verification

XIJAQ Jian-hua
(nstitute of Intelligent Technology & Systems, Wuyi University, Jiangmen, Guangdong 529020)

Abstract  Face verification is essentially u problem of one-class classification or outlier detection. Iis goal is to accurately
describe one class of objects opposing to a wide range of other cbjects considered as outliers. Based on the existing research
wook on statistical learning theory and kernel methods, this paper analyses the drawbacks of a existing one-class
classification algorithm, namely support vector data description { SYDD'), on dealing with dynamic samples of face
verification. Thia paper points out that, with the increasc of samples, the size of oplimization will exceed the memory space
of the computer. Consequently, the algorithm will be unable to carry out. For the purpose of reducing the size of
oplimization, the dynamic support vector data description algorithm ( DSVDDY) is proposed. The new algorithm only
computes the new sumples and support vectors in the process of optimization, so that the required operation size and memory
space can be reduced in a greal degree, which means the real-time and dynamiv demuands are met for face verification.
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Fig.2  Flow chart of face verificalion based on novelty detection
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Fig.4 The influence on the borderline and SVs with the parameter &
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